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! Alzheimer's disease

2 Atrophy

3 Brain structural imaging

4 Brain functional imaging

5 Cerebrospinal fluid (CSF)

 Mild cognitive impairment (MCI)
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!'Local feature

2 Topological feature

3 Kernel matrix

* Locally Linear Embedding

5 Support vector machine

¢ Principal component analysis
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! K-nearest neighbor
2 Feature space
3 Kernel function
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Jémdocodc ﬁ:‘: the ptopoud method

Inputs: Feature vector of MRI biomarker
Feature vector of PET biomarker
Feature vector of CSF biomarker
Output: SVM model for diagnosis Alzheimer's disease
Function AD_HC_LLESVM (Inputs)
1. Combine all features in one feature vector
2. Map data from main feature space to low feature
space with LLE
3. Train SVM model for diagnosis Alzheimer's disease
via K-fold cross validation
4. Outpur=SVM model
End function
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! K-fold cross validation
2 Training set

3 Validation set

4 Standard deviation
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! Alzheimer's Disease Neuroimaging Initiative
2 www.loni.ucla.edu/ADNI

3 Healthy subjects

4 Region of interest

5 Motion correction

6 Slice timing

7 Realignment

8 Standard error
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